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ABSTRACT
Introduction Even prior to 2018, electronic nicotine 
delivery systems (ENDS) began to dramatically change 
the landscape of tobacco products and product use 
patterns in the USA.
Methods Using a Markov multistate transition model 
accounting for complex survey design, transition rates 
between never, non- current, cigarette, ENDS and dual 
use states were estimated for 23 253 adult participants 
in waves 1–4 (approximately 2013–2017) of the 
Population Assessment of Tobacco and Health study. We 
made short- term transition projections and estimated 
HRs for age, sex, race/ethnicity, education and income.
Results Cigarette use was persistent among adults, 
with 89.7% (95% CI 89.1% to 90.3%) of exclusive 
cigarette users and 86.1% (95% CI 84.4% to 87.9%) 
of dual users remaining cigarette users (either exclusive 
or dual) after one wave. In contrast, ENDS use was less 
persistent, with 72.1% (95% CI 69.6% to 74.6%) of 
exclusive ENDS users and 50.5% (95% CI 47.8% to 
53.3%) of dual users remaining ENDS users (with or 
without cigarettes) after one wave. Exclusive ENDS 
users were more likely to start cigarette use after one 
wave than either never users (HR 25.2; 95% CI 20.9 to 
30.5) or non- current users (HR 5.0; 95% CI 4.3 to 5.8). 
Dual users of ENDS and cigarettes were more likely to 
stop using cigarettes than exclusive cigarette users (HR 
1.9; 95% CI 1.6 to 2.3). Transition rates varied among 
sociodemographic groups.
Conclusions Multistate transition models are an 
effective tool for uncovering and characterising 
longitudinal patterns and determinants of tobacco use 
from complex survey data. ENDS use among US adults 
was less persistent than cigarette use prior to 2018.

INTRODUCTION
The introduction of electronic nicotine delivery 
systems (ENDS) has dramatically changed the land-
scape of tobacco products and patterns of use in 
the USA and other high- income countries.1 2 Policy-
makers and researchers are struggling to understand 
whether ENDS should be seen as a lower risk alter-
native to cigarettes (ie, a modified risk product)3 4 
or a product that interferes with smoking cessation 
by continuing nicotine addiction,5–7 and whether 
ENDS serve as a catalyst for—or diversion from—
youth and young adult tobacco use initiation.8 

Estimating the population- level impact of ENDS 
will require a nuanced systems approach to esti-
mate how multiple, interdependent factors give rise 
to future patterns of use and health outcomes.9 10 
Moreover, for tobacco control and public health 
policy to be more effective, a better understanding 
of transitions between cigarettes and ENDS is 
needed.

Nationally representative cross- sectional surveys, 
such as the Tobacco Use Supplement to the Current 
Population Survey and the National Health Inter-
view Survey, are able to tell us how prevalence of 
ENDS and other tobacco product use is changing 
over time, but their design precludes reconstruc-
tion of individuals’ tobacco product use histories. 
The Population Assessment of Tobacco and Health 
(PATH) study,11 on the other hand, offers repeated 
observations of an individual’s product use over 
multiple years. PATH’s design also provides the 
opportunity to examine differences in transition 
rates between sociodemographic groups, which may 
lead to large disparities in short- term and long- term 
product use and downstream health effects.12 13 
While these transitions in PATH have been empiri-
cally analysed, providing a basic description of the 
data,14–16 a systems approach allows us to under-
stand the underlying transition rates that give rise 
to the observed use patterns.

Markov multistate transition modelling is a 
mathematical framework that can be used to esti-
mate underlying transition rates between states 
from longitudinal data on individuals, which can in 
turn be used to assess, for example, whether use of 
one product impacts initiation or discontinuation 
of another product or to make predictions of future 
patterns. These models can be further specified to 
estimate the effect of sociodemographic factors on 
the transition rates. Although Markov multistate 
transition modelling has only relatively recently 
been introduced to the field of tobacco control 
research, it has been applied to estimate product 
use transitions in several longitudinal surveys,17–20 
enhancing our understanding of patterns of product 
use, particularly among youth and young adults. 
However, there has thus far been uncertainty over 
how to implement these methods on complex 
survey data that require use of sample weights, clus-
tering, strata, and so on, limiting the applicability 
and impact of this method so far.
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In this analysis, we develop a Markov multistate transition 
framework to incorporate complex survey data and analyse 
transitions between subsequent waves between cigarette, ENDS, 
dual, non- current and never use states for adults in waves 1–4 
of the PATH study, and estimate transition rate ratios by age, 
sex, race/ethnicity, education and income. This study period is 
largely prior to the ENDS market changes precipitated by JUUL 
products in late 2017 (end of wave 4).

METHODS
Data and tobacco use state definitions
We used data on adults in waves 1–4 (September 2013 to January 
2018) of the PATH study.11 We consider only adults here because 
youth have distinct patterns of use and transitions that we believe 
should be analysed separately. Time between follow- up for each 
participant was approximately 1 year. We restricted our analysis 
to participants who completed an adult interview in wave 4. 
We further restricted the individual data to only those waves in 
which participants were adults (some participants were youth in 
earlier waves), and we removed any participants from the sample 
who had only a single tobacco state observation, since single 
observations are uninformative for the transition model. In addi-
tion to the questions informing our tobacco use state definitions 
(see below), we used information on age (18–24, 25–34, 35–54, 
55+), sex (male, female), race/ethnicity (non- Hispanic (NH) 
White, NH Black, Hispanic, other), educational attainment 
(less than high school, high school or equivalent, some college 
or associate’s degree, bachelor’s degree or higher) and income 
(<$25 000, $25 000–$50 000, >$50 000). We used baseline 
values of sex and race/ethnicity but used age, educational attain-
ment and income reported in the most recent wave. We defined 
educational attainment only for those ages 25+ because many 
people aged 18–24 are still completing their education. We used 
PATH imputations of missing sex, race and ethnicity values at 
waves 1 and 4. After incorporating this imputation, we removed 
participants still missing information for any covariate in a given 
wave (4% of participants); we analysed 23 253 participants 
with 84 887 total observations and 7461 transitions. Participant 
weights were normalised to the number of participants. Descrip-
tive characteristics of the sample are given in the online supple-
mental table S1.

We assigned each PATH participant to a tobacco use state in 
each wave based on answers to questions about established use 
of cigarettes (100+ lifetime cigarettes) and ENDS (ever fairly 
regular ENDS user) and past 30- day use. See the online supple-
mental material for further information and variable coding. 

We considered five tobacco use states: never user, non- current 
user, exclusive cigarette user, exclusive ENDS user and dual user 
(figure 1A). The sociodemographic characteristics of the partic-
ipants in each use state are provided in the online supplemental 
table S2. These data show substantial demographic differences 
among these groups. For instance, cigarette users tended to be 
older than ENDS or dual users and to be somewhat lower in 
income. Non- current use refers to at least 30- day abstinence, 
which includes ‘former’ users, but we refer to transitions to this 
state as ‘stopping’ use as opposed to ‘quitting’, since the terms 
‘former’ and ‘quit’ generally refer to longer term cessation. Simi-
larly, we use ‘start’ to indicate use after a period of non- use, 
capturing both initiation and relapse.

Transition modelling
We used a Markov multistate transition model to analyse the 
underlying transition hazard rates and HRs. The states and tran-
sitions in this model are represented in figure 1B. A Markov 
multistate transition model is a continuous- time, finite- state 
stochastic process that assumes that transition rates depend only 
on the current state and not on past states or transition history.21 
We discuss the method generally here, but the full technical 
details are provided in the online supplemental material.

A Markov multistate transition model estimates transition 
hazard rates, that is, the instantaneous risk of transitioning from 
one state to another. These transition hazard rates collectively 
define the probabilities of being in each state at future times, 
thereby connecting the model to longitudinal data of the actual 
observed states. We illustrate an example of the connection 
between the continuous- time model and the observation process 
in figure 2. In general, the transition probabilities may depend 
on the observation year, but we found that variation and trends 
in estimates across waves were minor (see online supplemental 
figure S1). Accordingly, we assume that the transition probabili-
ties depend only on the length of time between observations and 
not on the specific waves.

Transition hazards may differ for different sociodemographic 
groups, so we determined transition HRs for each group for 
each covariate, denoting the relative transition intensity across 
groups. We estimated HRs for each sociodemographic group in 
univariable models.

Once the transition hazard rates are estimated, they can be 
used to make projections of future patterns of use. In this study, 
we used the transition rates to make 2- and 4- year projections 
as well as determine what the eventual long- term steady- state 
prevalence of use would be if these rates were to continue. While 

Figure 1 (A) Tobacco use state definitions. (B) The direct transitions allowed between states in the model. ENDS, electronic nicotine delivery systems.
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subject to error from future trends, this long- term calculation 
can provide a point of reference. We also used the transition 
hazards to estimate the relative rate of starting or stopping ciga-
rette use for people who were or were not current ENDS users.

Incorporation of complex survey design
Complex survey design calculates sample weights that can be 
used to determine point estimates for quantities of interest, 
and replicate weights are a way to account for other complex 
survey design aspects, such as strata and primary sampling 
units, when estimating the variance of those point estimates. 
Without weights, estimates will be biased (online supplemental 
figure S2). Since survey weights cannot be incorporated in the 
widely used R package for Markov multistate transition model-
ling, msm,22 we adapted code from this package to incorporate 
weights. Our code is available at www.tcors.umich.edu. In this 
analysis, we incorporated PATH wave 4 adult all- wave longitu-
dinal weights. Variance estimates were calculated using the 100 
replicate weights provided by PATH, which are calculated by 
Fay’s method, a variant of balanced repeated replication.11 We 
recalculated the transition hazard rates and transition HRs for 
each replicate. Full technical details are provided in the online 
supplemental material.

Model reduction
Estimates of rates for rare transitions can be unreliable and unin-
formative and including them in the model can interfere with 
estimating the other parameters. Thus, we identified state tran-
sitions that were rare enough that they should be considered 
negligible. Using a Schwarz information criterion to compare 
model fits, it was appropriate to assume that there was no direct, 
instantaneous transition from never or non- current use to dual 
use, from dual use to non- current use, or from ENDS to cigarette 
use (figure 1B), similar to previous analyses.17 19 Individuals may 
still transition from never to dual use in just one wave but must 
first transition through at least one other (unobserved) state (eg, 
from never to cigarette to dual use).

RESULTS
Transition probabilities
We compared the empirical one- wave (approximately 1 year) 
transition probabilities averaged over all four waves with the 
modelled one- wave transition probabilities (figure 3A,B). The 
model reproduces the empirical transitions well. Cigarette use 
was persistent, with 89.7% (95% CI 89.1% to 90.3%) of exclu-
sive cigarette users and 86.1% (95% CI 84.4% to 87.9%) of dual 
users remaining cigarette users (either exclusive or dual) after 
one wave (figure 3B). In contrast, ENDS use was less persistent, 

with 72.1% (95% CI 69.6% to 74.6%) of exclusive ENDS users 
and 50.5% (95% CI 47.8% to 53.3%) of dual users remaining 
ENDS users (either exclusive or dual) after one wave. We found 
that 20.8% (95% CI 18.2% to 23.3%) of exclusive ENDS users 
transitioned to non- current use by the subsequent wave, and 
45.2% (95% CI 42.4% to 47.9%) of dual users transitioned to 
exclusive cigarette use. The CIs for both the hazard rates and the 
transition probabilities are provided in the online supplemental 
table S3.

Projections of product use transitions
The less persistent nature of ENDS use by adults was further high-
lighted by the short- term projections of the model (figure 3C,D). 
We estimated that only 49.6% (95% CI 46.4% to 52.8%) of 
exclusive ENDS users would still be using ENDS after 2 years; 
this number drops to 23.8% (95% CI 21.1% to 26.5%) after 
4 years. In contrast, 68.0% (95% CI 66.5% to 69.4%) of exclu-
sive cigarette users would still be using cigarettes after 4 years 
(about 90% of whom will be using exclusively cigarettes). Most 
dual users would transition to exclusive cigarette use, and this 
transition occurs quickly: 58.0% (95% CI 55.3% to 60.6%) of 
dual users become exclusive cigarette users after 2 years. Fewer 
than 10% of dual users are predicted to remain dual users 4 years 
later. If these transition rates were to persist, then the long- term, 
steady- state prevalence of use in this cohort of ever users (ie, 
excluding initiation of never users) would be: 60.5% (95% CI 
58.6% to 62.5%) non- current users, 33.3% (95% CI 31.5% to 
35.2%) exclusive cigarette users, 2.8% (95% CI 2.4% to 3.1%) 
exclusive ENDS users and 3.3% (95% CI 3.0% to 3.6%) dual 
users. These projections should be treated as illustrations rather 
than predictions, since transition rates will likely change in the 
future in response to marketplace changes, regulations and other 
pressures.

The impact of ENDS on rates of starting and stopping 
cigarette use
We estimated the association of current ENDS use with rates of 
starting and stopping cigarettes. We found that exclusive ENDS 
users (who may or may not have ever used cigarettes) are more 
likely to be using cigarettes in the next wave than never users 
(HR 25.2; 95% CI 20.9 to 30.5) or non- current users (HR 5.0; 
95% CI 4.3 to 5.8). Based on the transition rates, we would 
expect 1% of never users, 6% of non- current users and 25% of 
exclusive ENDS users to be using cigarettes after one wave. (Note 
that these numbers represent a person’s first transition within a 
wave; figure 3 accounts for the possibility of multiple transitions 
within one wave.) Dual users of ENDS and cigarettes were also 
more likely to stop using cigarettes than exclusive cigarette users 

Figure 2 People transition between tobacco use states. We observe these states at fixed time points, but we do not know when the transitions 
occurred or if there were multiple transitions between observations. The multistate transition model estimates the underlying instantaneous transition 
hazard rates that best explain the observed data when they are combined to estimate probabilities of being in each state at future times.
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(HR 1.9; 95% CI 1.6 to 2.3). Based on the transition rates, we 
would expect 10% of cigarette users and 18% of dual users to 
not be using cigarettes after one wave. However, the number of 
transitions depends on the prevalence of each tobacco use state. 
Over waves 1–4, the average prevalence estimates were 58.3% 
for never users, 22.5% for non- current users, 16.5% for exclu-
sive cigarette users, 1.2% for exclusive ENDS users and 1.5% 
for dual users. Accordingly, of the people starting cigarette use 
in this period, we estimate 56% were previously non- current 
users, 30% were previously never users and only 14% were 
ENDS users. Similarly, of the people stopping cigarette use in 
this period, 86% were exclusive cigarette users, while only 14% 
were previously dual users.

Transition hazards by sociodemographic group
Transition rates vary by sociodemographic group. We present 
HRs for the eight transitions related to starting or stopping 
cigarette or ENDS use (figures 4 and 5). HRs by sociodemo-
graphic group for these transitions are provided in the online 
supplemental tables S4–S8, as are one- wave transition probabil-
ities (online supplemental figures S3–S7). There is a substantial 
age gradient in each transition, with younger users more likely 
to transition than older users, for both starting and stopping 
use of either cigarettes or ENDS. We see that never users aged 
18–24 years are substantially more likely to initiate ENDS use 
than never users aged 34–54 years (HR 27.6; 95% CI 8.1 to 
93.9). The effect is smaller but still significant among current 
cigarette users (HR 4.5; 95% CI 3.2 to 6.3). Men are more likely 
than women to initiate either cigarettes (HR 1.7; 95% CI 1.4 to 

2.0) or ENDS use (HR 3.6; 95% CI 2.5 to 5.3) from never use. 
NH Black and Hispanic never users are more likely to initiate 
exclusive cigarette use than NH White never users (NH Black 
HR 2.7; 95% CI 2.1 to 3.3; Hispanic HR 2.1; 95% CI 1.6 to 
2.7); however, both NH Black and Hispanic exclusive cigarette 
users are less likely to start ENDS to become dual users than NH 
White exclusive cigarette users (NH Black HR 0.4; 95% CI 0.3 
to 0.6; Hispanic HR 0.7; 95% CI 0.5 to 0.9). NH Black exclu-
sive cigarette users are less likely to transition from cigarette to 
non- current use than NH White users (HR 0.8; 95% CI 0.6 to 
0.9) while Hispanics are more likely to make this transition (HR 
1.6; 95% CI 1.3 to 1.9). Both NH Black and Hispanic exclu-
sive ENDS users are more likely than NH White ENDS users to 
transition to non- current use (NH Black HR 2.8; 95% CI 1.9 
to 4.2; Hispanic HR 2.7; 95% CI 2.0 to 3.6). Higher income 
and education levels are generally associated with lower rates of 
starting single product use and higher rates of discontinuing use. 
Among dual users, individuals in the lowest income bracket were 
more likely to transition to exclusive cigarette use than those in 
the highest income bracket (HR 1.3; 95% CI 1.0 to 1.5) and less 
likely to transition to exclusive ENDS use (HR 0.6; 95% CI 0.4 
to 0.9).

DISCUSSION
We developed and applied a multistate transition model to 
a longitudinal, complex survey of adults in order to esti-
mate underlying rates of transition between different kinds 
of tobacco use. In the pre- JUUL era (before 2018) in the 
USA, we find that adult use of ENDS was less persistent than 

Never use

Excl. ENDS use

Dual use

From 

Excl. cigarette use

To 

Empirical 1-wave cumulative 
transition probabilities

Modelled 1-wave cumulative 
transition probabilities

To 

A B

Never use

Excl. ENDS use

Dual use

From 

Excl. cigarette use

To 

Modelled 2-wave cumulative 
transition probabilities

Modelled 4-wave cumulative 
transition probabilities

To 

C D

Non-current use

Non-current use

Figure 3 One- wave (approximately 1 year) transition probability between tobacco use states estimated from (A) all- wave average weighted 
observed transitions and (B) the multistate transition model. The model matches the data well and provides estimates of underlying transition rates. 
We also include short- term projections of tobacco use states from the multistate transition model with (C) two- wave and (D) four- wave transition 
probabilities. ENDS, electronic nicotine delivery systems.
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cigarette use. This result was true for both exclusive ENDS 
users and dual users of ENDS and cigarettes. This pattern was 
previously reported from empirical analysis of the first three 
waves of PATH,14–16 23 and our analysis demonstrates that 
it has continued. Results from at least one other study have 
also suggested ENDS use in adults has not been durable.24 
Although the landscape of tobacco products is expected to 
continue to change—including with the recent advent of 
IQOS (a type of Heated Tobacco Product) and pod/cartridge 
ENDS products—,these results provide valuable insight into 
how ENDS products have been used in the recent past, and 
this analysis can be updated with future surveys to track how 
transition rates evolve with new products.

Multistate transition modelling is a powerful tool for 
exploring the patterns that underlie longitudinal transition 
data. Unlike previous empirical analyses that have described 
observed transitions in PATH, this approach allows us to esti-
mate transition incidence and the underlying transition rates. 
Our method considers the potential for multiple transitions 
between observations, can incorporate information from 
participants with missing observations, expands the kinds 

of inferences we can make (eg, sociodemographic HRs) and 
allows for short- term predictions for the whole cohort. The 
field of tobacco regulatory science has just recently begun to 
apply these models to longitudinal surveys.17–20 However, 
the importance of incorporating complex survey design 
into these transition models has been underappreciated: to 
our knowledge, this study is the first tobacco research anal-
ysis to incorporate study weights and variance estimation 
directly. Without weights, transition estimates will be biased, 
and without appropriate treatment of variance, confidence 
bounds may be artificially narrow. The lack of easily avail-
able methods to incorporate complex survey design into 
transition models has thus far hampered the field, but future 
transition modelling work on complex survey data should 
incorporate the approach we outlined here, or another valid 
approach, such as synthetic populations.25

There is a continued debate about whether ENDS should 
be considered a cigarette cessation tool or a catalyst of ciga-
rette use and, accordingly, which tobacco control policies 
should be adopted.3–5 8 26 Although this analysis cannot 
directly address the question of whether ENDS use causally 

Never to cigarette use (758 transitions)

Never to ENDS use (208 transitions)

ENDS to dual use (179 transitions)

Cigarette to dual use (855 transitions)

Dual use

Exclusive 
ENDS use

Never use

Exclusive 
ENDS use

Never use

Exclusive 
cigarette use

Dual use

Exclusive 
cigarette use

Figure 4 HRs by sociodemographic group for selected transitions corresponding to starting cigarette or ENDS use (univariable models). Red HRs are 
significantly greater than 1, blue HRs are significantly less than 1 and black HRs are not significant at significance level α=0.05. BA, Bachelor of Arts; 
ENDS, electronic nicotine delivery systems; HS, high school; NH, non- Hispanic.
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increases or decreases cigarette initiation or cessation rates, 
we find that ENDS, as generally used by adults in approxi-
mately 2013–2017, were associated with increased rates of 
both initiation/relapse and 30- day abstinence from cigarette 
use. However, the magnitudes of the effects were substan-
tially different. Exclusive ENDS users (including never ciga-
rette users or non- current cigarette users) were more than 
20 times more likely to be using cigarettes in the subse-
quent wave than never users (25% vs 1% transition in one 
wave) and about five times more likely than non- current 
users (25% vs 6% transition in one wave). In contrast, dual 
users were only about two times more likely to not be using 
cigarettes in the subsequent wave than exclusive cigarette 
users (18% vs 10% transition in one wave). These results 
suggest that ENDS may have been used to replace cigarettes 
by some users. However, in the market as currently regu-
lated—as opposed to, for example, use only by prescription 
in a tobacco cessation programme—ENDS use may be facil-
itating cigarette initiation and relapse among adults. Never-
theless, ENDS use was relatively low during this period so its 
impact in either direction was somewhat limited. Only 14% 

of people who started cigarette use were previously exclu-
sive ENDS users, and only 14% of people stopping cigarette 
use were previously dual users. Regulatory strategies are 
needed to minimise the potential harms of ENDS use from 
catalyst effects and maximise their potential benefits as an 
aid to smoking cessation. It is also important to emphasise 
that, while our analysis sheds light on the impact of possible 
catalyst effects of ENDS use on cigarette use, our analysis is 
limited to those aged 18 and older and thus excludes those 
ages when initiation most often takes place. Relatedly, we 
found that direct switching between exclusive cigarette use 
and exclusive ENDS was rare. Instead, our analysis suggests 
that people transition through periods of non- use or dual 
use. Additionally, transitions directly between dual use and 
non- current use were negligible. These results suggest that 
cigarette and ENDS transitions occur separately (if not inde-
pendently), with one product being started or stopped at a 
time. If these patterns are borne out in other studies, they 
could have implications for tobacco control strategies.

We emphasise that a limitation of this analysis is that we 
are estimating association not causation: because we cannot 

Cigarette to non-current use (1668 transitions)

ENDS to non-current use (334 transitions)

Dual to ENDS uses (169 transitions)

Dual to cigarette use (787 transitions)

Dual use

Exclusive 
ENDS use

Non-current 
use

Exclusive 
ENDS use

Non-current 
use

Exclusive 
cigarette use

Dual use

Exclusive 
cigarette use

Figure 5 HRs by sociodemographic group for selected transitions corresponding to stopping cigarette or ENDS use (univariable models). Red HRs 
are significantly greater than 1, blue HRs are significantly less than 1 and black HRs are not significant at significance level α=0.05. BA, Bachelor of 
Arts; ENDS, electronic nicotine delivery systems; HS, high school; NH, non- Hispanic.
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know what people’s behaviour would have been in the 
absence of ENDS products, we cannot know the extent to 
which our results reflect a selection bias.27 28 Those ENDS 
users starting cigarette use might have also started cigarettes 
in the absence of ENDS. The high rate of cigarette initiation/
relapse among ENDS users in this analysis, then, may only be 
reflecting a general propensity toward tobacco use of some 
kind, and the true causal effect of ENDS use on cigarette 
initiation may be substantially less than the observed associa-
tion or even be non- existent. Similarly, the high rate of stop-
ping smoking among dual users may reflect a greater interest 
in ENDS among smokers looking to quit; it may also reflect 
our limited definition of stopping use (30- day abstinence) as 
opposed to longer term, sustained quitting. (That being said, 
the non- current use compartment was relatively stable, with 
over 80% of non- current users projected to remain so after 
4 years.) Moreover, these results do not account for partic-
ipant’s longer term product use histories, such as previous 
cessation attempts, which may impact future transitions. 
While randomised studies of the effect of ENDS on cigarette 
initiation are unlikely to occur, some randomised trials and 
observational studies have indicated that ENDS may indeed 
be effective in helping cigarette users quit,29–32 although 
some, including US Surgeon General Reports, argue that 
the evidence to date remains inconclusive.5 33 Other recent 
analyses of PATH have found strong associations between 
ENDS use and relapse of cigarette use6 7 and that ENDS use 
was not associated with long- term abstinence.34 Ultimately, 
the impact of ENDS use is likely to depend on market regu-
lations. Another related limitation of the current analysis is 
that we do not account for frequency and intensity of use, 
the levels of nicotine or the specific ENDS products used, all 
of which likely influence transition behaviours.

A limitation of the Markov modelling framework itself is 
the assumption that the rate of transition to future states 
depends on one’s current state but not on one’s past states. 
As such, we capture transitions between consecutive waves 
but not necessarily longer term patterns across multiple 
waves. For example, a history of failed quit attempts may 
impact a smoker’s likelihood of trying an ENDS product 
in the future. Future work may be able to incorporate past 

use more explicitly into estimates of future transitions or 
to apply other assumptions about the amount of time spent 
in each use state (ie, semi- Markov model); more precise 
transition time data would help future analyses. One final 
limitation is that this analysis considers only a specific 
period, approximately 2013–2017, and thus reflects tran-
sitions during that period. Both empirical and modelling 
analysis supported the assumption that transition rates did 
not change over this period. However, since then, the ENDS 
product JUUL became widely used and appears to have had 
a large impact,35 and we expect transition rates to change in 
future waves.

This work suggests that ENDS use in adults has been less 
persistent than cigarette use and was associated with both 
higher cigarette initiation and relapse and at least short- term 
smoking abstinence. The population impact of ENDS will 
likely depend on the efficacy of tobacco control policies and 
interventions to prevent use in non- smokers and facilitate 
use among current smokers who might not quit otherwise. 
Although the tobacco product landscape will continue to 
change, this work is an important step toward developing 
a nuanced systems approach to estimating how multiple, 
interdependent factors give rise to future patterns of use and 
health effects. Ultimately, this work may be used to inform 
how proposed regulations will shape downstream health 
effects in the coming decades.
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Supplementary material for Transitions between cigarette, ENDS, and

dual use in adults in the PATH study (Waves 1–4): multistate transition

modeling accounting for complex survey design

Study data and variables

The PATH study is a nationally representative, longitudinal cohort study of tobacco use, and a four-stage stratified

area probability sample design was used to select adults (ages 18+) and youth (ages 12 to 17) from the U.S.

civilian, noninstitutionalized population. Using the Audio Computer-Assisted Self-Interviewing scheme, the PATH

Study interviews participants about use of multiple tobacco products, including cigarettes, e-cigarettes and other

e-products. We considered four waves of PATH data: Wave 1 (Sep. 2013–Dec. 2014), Wave 2 (Oct. 2014–Oct.

2015), Wave 3 (Oct. 2015–Oct. 2016), and Wave 4 (Dec. 2016–Jan. 2018). PATH offers a number of different

participant weights appropriate to different types of analyses. Here, we used Wave 4 all-wave adults weights

(R04 A A01WGT).

Cigarette and ENDS use variables

We defined established use for cigarettes as as ever using 100+ cigarettes in one’s lifetime. We defined established

ENDS use as ever using fairly regularly. ENDS were defined as e-cigarettes in Waves 1 and 2 and as e-cigarette,

e-cigar, e-pipe, e-hookah, or other electronic nicotine product in Waves 3 and 4. To define current use, we first

determined the number of days of use in the past 30 days, based on the responses whether participants indicated

that they use every days, some day, or not at all (R0x AC1003 and R0x AE1003) in Wave x) and how many days

they used in the past 30 days (R0x AC1022 and R0x AE1022 in Wave x). For example, cigarette use in Wave 1

was coded as an integer between 0 and 30 based on R01 AC1022, then set as 30 if R01 AC1003=“Every day, and

0 if R01 AC1003=“Not at all. This two-step method allowed us to account for skip patterns in the questionnaire

and response inconsistencies.

Current use was defined for both cigarettes and ENDS as at least one day in the past 30 days. Participants who

were not established for either product were considered never users, even if they indicated use in the past 30 days.
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Non-current users were established users of either cigarettes or ENDS that had not used either cigarettes or ENDS

in the past 30 days. Dual users were established users of both cigarettes and ENDS who had used both cigarettes

and ENDS in the past 30 days. The prevalence of each use state in the sample of 23,253 adults included in our

analysis of transition by sociodemographic group are given in Table S2.

Sociodemographic variables

We considered five sociodemographic variables: age, sex, race/ethnicity, educational attainment, and income.

Participant age was derived from PATH variables R0xR A AGECAT7 (Waves 1–3) or R0xR A AGECAT6 (Wave

4), with categories collapsed to our four groups: “18–24,” “25–34,” “35-54,” and “55+.” Age was allowed to

change between waves. Participant sex was derived from PATH variable R01R A SEX IMP, with levels “Female”

and “Male.” Sex was considered a fixed variable. Participant race and ethnicity were derived from PATH vari-

ables R01R A RACECAT3 IMP with levels “White alone,” “Black alone,” and “Other” and R01R A HISP IMP, with

levels “Hispanic” and “Not Hispanic.” Our derived race and ethnicity variable had four levels: “Non-Hispanic

white,” “Non-Hispanic black,” “Hispanic,” and “Other.” We did not present the results for “Other” in this analysis.

Race/ethnicity was considered a fixed variable. Participant educational attainment was derived from PATH variable

R0xR A AM0018. For participants ages 25 or older, we used the following categories: 1) “Less than High School,”

2) “GED” and “High school graduate” grouped into “High school or equivalent,”3) “Some college (no degree) or

associate’s degree”, and 4) “Bachelor’s degree” and “Advanced degree” grouped into “BA or higher.” Participants

ages 18–24 were considered a separate category for educational attainment, and the hazard ratios for that cat-

egory were not presented in this analysis. Participant educational attainment was allowed to change between

waves. Participant income was derived from PATH variable R0xR A AM0030, with income brackets collapsed into

“<$25,000,” “$25,000–50,000,” and “>$50,000.” Participant income was allowed to change between waves. The

characteristics of the sample of 23,253 adults included in our analysis of transition by sociodemographic group

are given in Table S2. The sociodemographic breakdown of tobacco use state prevalence is given in Table ??.
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Table S1: Descriptive characteristics of 23,253 adults included in our analysis of transition by sociodemographic

group (PATH Waves 1–4). Note: Sample size (N) is unweighted, but percentage (%) is weighted using the PATH

Wave 4 Adult All-waves Longitudinal Weight (R04 A A01WGT). ∗Education attainment is defined only for partici-

pants ages 25 or older.

Wave 1 Wave 2 Wave 3 Wave 4

(N = 19,214) (N = 20,991) (N = 22,115) (N = 22,567)

Demographic N % N % N % N %

Age

18–24 5,051 13.0% 5,782 12.6% 6,155 12.2% 5,594 10.3%

25–34 3,898 18.9% 4,368 18.6% 4,757 18.5% 5,243 18.5%

35–54 6,188 35.6% 6,331 34.6% 6,430 34.3% 6,553 34.2%

55+ 4,077 32.5% 4,510 34.1% 4,773 35.2% 5,177 37.0%

Sex

Female 9,978 48.4% 10,862 48.6% 11,446 48.6% 11,683 48.7%

Male 9,236 51.5% 10,129 51.4% 10,669 51.4% 10,884 51.3%

Race

Non-Hispanic White 11,560 65.8% 12,500 65.7% 13,114 65.9% 13,293 65.5%

Non-Hispanic Black 2,929 11.6% 3,182 11.5% 3,290 11.5% 3,425 11.6%

Hispanic 3,320 15.0% 3,737 15.0% 4,042 14.8% 4,146 15.0%

Other 1,405 7.6% 1,572 7.7% 1,669 7.7% 1,703 7.9%

Education∗

Less than high school 1,789 9.4% 1,854 9.2% 1,945 9.2% 2,038 9.6%

High school or equivalent 3,742 24.4% 3,965 23.3% 4,148 23.5% 4,374 23.7%

Some college or AA degree 4,768 25.8% 5,199 27.1% 5,390 26.9% 5,762 27.4%

BA degree or higher 3,864 27.4% 4,191 27.7% 4,477 28.3% 4,799 29.0%

Income

<$25,000 8,169 33.5% 8,560 32.1% 8,575 30.3% 8,430 29.8%

$25,000–50,000 4,391 22.8% 4,736 22.7% 5,090 22.8% 5,221 22.5%

>$50,000 6,654 43.7% 7,695 45.2% 8,450 47.0% 8,916 47.7%

Tobacco use state

Never use 9,330 61.1% 9.743 58.0% 10,213 56.6% 10,127 55.7%

Non-current use 2,959 19.9% 3,743 22.0% 4,255 23.3% 4,714 24.5%

Cigarette use 6,098 16.8% 6,352 17.0% 6,412 16.9% 6,522 16.8%

ENDS use 341 0.9% 465 1.3% 594 1.5% 563 1.4%

Dual user 486 1.3% 678 1.7% 641 1.6% 642 1.5%
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Table S2: Sociodemographic characteristics of each each tobacco use state across PATH Waves 1–4. Note: percent-

age (%) is weighted using the PATH Wave 4 Adult All-waves Longitudinal Weight (R04 A A01WGT). ∗Education

attainment is defined only for participants ages 25 or older.

Never Non-current Cigarette ENDS Dual

Demographic user user user user user

Age

18–24 14.9% 4.2% 11.1% 24.0% 18.4%

25–34 19.3% 11.7% 23.8% 27.0% 29.3%

35–54 34.8% 30.2% 40.2% 30.1% 37.9%

55+ 31.1% 54.0% 24.8% 18.8% 14.4%

Sex

Female 44.8% 53.3% 54.1% 58.3% 53.9%

Male 55.2% 46.7% 45.9% 41.7% 46.1%

Race

Non-Hispanic White 60.3% 76.5% 68.1% 74.7% 79.4%

Non-Hispanic Black 12.7% 6.9% 14.6% 7.7% 6.5%

Hispanic 17.8% 10.6% 12.1% 11.1% 7.1%

Other 9.2% 5.9% 5.3% 6.5% 7.0%

Education∗

Less than high school 8.1% 8.5% 15.0% 6.4% 8.0%

High school or equivalent 19.6% 26.3% 34.2% 22.8% 27.4%

Some college or AA degree 23.9% 31.7% 29.1% 33.7% 33.4%

BA degree or higher 33.5% 29.4% 10.5% 13.1% 12.9%

Income

<$25,000 28.4% 24.9% 48.9% 33.4% 43.9%

$25,000–50,000 21.5% 24.0% 24.6% 26.1% 24.6%

>$50,000 50.0% 51.1% 26.5% 40.5% 31.5%
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Markov multistate transition modeling

Definitions and concepts

We use a Markov multistate transition model to analyze the underlying transition hazard rates and hazard ratios.

The states and transitions represented in this model are given in Figure 1b. A Markov multistate transition model

is a continuous-time, finite-state stochastic process with the assumption that transition rates depend only on the

current state and not on past states or transition history [S1]. We denote the state of an individual at time t as

S(t). We denote the probability that an individual is in state j after an amount of ∆t since they were observed in

state i as

Pij(∆t) = P [S(t+∆t) = j|S(t) = i]. (S1)

In general, the transition probabilities could depend on the observation time t in addition to the time span ∆t, but,

given that the data span fewer than five years and no substantial trends were observed in preliminary empirical

analysis, we assume that the model is homogeneous in time, so that the transition probabilities depend only on the

time between observations and not on the specific waves themselves. We then define the hazard of the transition

from state i to state j as

qij = lim
∆t→0

1

∆t
P [S(t+∆t) = j|S(t) = i]. (S2)

Transition hazards ratios ρijcℓ may be determined for each transition i to j for each level ℓ of a covariate c, relative

to the referent c0: qijcℓ = qijc0 · ρijcℓ . For time-varying covariates, a participant’s transition rate is determined by

their characteristic at their most recent previous observation. Hazard ratios were estimated in univariable models.

The transition hazards form a matrix Q = [qij ], where the diagonal entries are given by qii = −
∑

j 6=i qij . The

transition probability matrix P (∆t) = [Pij(∆t)] is a function of the transition hazards and may be calculated as the

matrix exponential of ∆t ·Q, P (∆t) = exp(∆t ·Q). In this analysis, we calculated one-wave transition probabilities

as well as two- and four-wave projections

We illustrate an example of the connection between the continuous time model and the observation process in

main text Figure 2. A likelihood is calculated by comparing the observed states to P (∆t) as parameterized by the

transition hazards {qij}. Specifically, given a set of individuals m = 1, . . . , N and their observed states S(tm,k) at

times tm,k, where k is the index of individual m’s observed states (k = 1, . . . , 4 for most participants), we assume

individuals are independent, and thus we multiply all the modeled probabilities of the observed transitions:

L =
∏

m

∏

k

PS(tm,k),S(tm,k+1)(tm,k+1 − tm,k). (S3)

More details on Markov multistate transition models may be found in [S1, S2].
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Incorporation of complex survey design

One cannot incorporate survey weights in the widely-used R package for Markov multistate transition modeling,

msm [S3]. Accordingly, we adapted code from this package to incorporate weights. Our code is available at [TBD].

Specifically, we incorporated PATH point estimate weights Wm (here, Wave 4 all-wave adult weights) into our

likelihood by first defining normalized weights wm = N ·Wm/
∑

Wm. The normalized weights were incorporated

into a weighted likelihood L:

L∗ =
∏

m

∏

k

(

PS(tm,k),S(tm,k+1)(tm,k+1 − tm,k)
)wm

. (S4)

We determine weighted point estimates for the transition hazard rates q̂i,j by minimizing − log(L∗) as a function

of the hazard rates (equivalent to maximum likelihood estimation).

Variance estimates are calculated using 100 replicate weights wr
m, r = 1, . . . , 100. Replicate weights are a way

to account for complex survey design aspects, such as strata and primary sampling units. PATH uses a variant of

balanced repeated replication called Fay’s method to calculate replicate weights [S4]. We calculate q̂ri,j for each

replicate r analogously to Eq. (S4). Then, we calculate the variance of q̂i,j as

V (q̂i,j) = c

100
∑

r=1

(q̂ri,j − q̂i,j)
2, (S5)

where c = 1/(100(1− 0.3)2) as specified by PATH [S4].

Homogeneity of rates over time

In the main analysis, we assumed that the transition rates did not change over time (i.e., over Waves). In Figure S1,

we plot the estimated rates for the twelve transitions using each of the three pairs of adjacent Waves and using all

Waves. The estimated transitions are closely clustered, and the estimates for each of the individual pairs is within

or is close to the 95% CI for the estimates using all Waves. While there are trends in certain of the estimated rates

over the waves, the magnitudes of the trends were small enough that they could be neglected.

Bias in results when not using weights

If the Markov transition framework in this analysis is used without the PATH weights, the resulting hazard rates

estimates are biased, as seen in Figure S2. In particular, rates of starting cigarette and ENDS use among never

or non-current users are greatly overestimated in the unweighted analysis. PATH oversamples from demographics

with higher use rates.
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Uncertainty quantification for base model

Point estimates and 95% confidence intervals for the transition hazard rates and one-wave transition probabilities

are given in Table S3.

Uncertainty quantification for hazard ratios by sociodemographic group

Point estimates and confidence intervals for selected hazard ratios are given in Tables S4–S8. The one-wave

transition probabilities by demographic group (univariable models) are given in Figures S4–S7.
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Table S3: Point estimates and 95% confidence intervals for the transition hazard rates and one-wave transition

probabilities.

Hazard rate One-wave

(per wave) transition probability (%)

Transition Estimate 95% CI Estimate 95% CI

Never use to

Never use -0.035 (-0.040, -0.031) 96.6 (96.3, 96.8)

Non-current use 0.020 (0.018, 0.023) 2.0 (1.8, 2.2)

Cigarette use 0.012 (0.010, 0.013) 1.1 (1.0, 1.2)

ENDS use 0.003 (0.003, 0.004) 0.3 (0.2, 0.3)

Dual use — — 0.1 (0.1, 0.1)

Non-current use to

Non-current use -0.069 (-0.076 , -0.061) 93.8 (93.3, 94.2)

Cigarette use 0.058 (0.053, 0.064) 5.2 (4.7, 5.7)

ENDS use 0.010 (0.009, 0.012) 0.8 (0.7, 1.0)

Dual use — — 0.2 (0.2, 0.3)

Cigarette use to

Non-current use 0.102 (0.095, 0.109) 9.2 (8.6, 9.8)

Cigarette use -0.182 (-0.200, -0.166) 85.5 (84.8, 86.1)

ENDS use 0.009 (0.006, 0.012) 1.1 (0.9, 1.2)

Dual use 0.071 (0.065, 0.079) 4.3 (4.0, 4.6)

ENDS use to

Non-current use 0.276 (0.240, 0.318) 20.8 (18.2, 23.3)

Cigarette use — — 7.1 (6.1, 8.1)

ENDS use -0.570 (-0.663, -0.491) 58.1 (55.1, 61.1)

Dual use 0.293 (0.250, 0.344) 14.0 (12.2, 15.9)

Dual use to

Non-current use — — 4.3 (4.0, 4.7)

Cigarette use 0.764 (0.702, 0.832) 45.2 (42.4, 47.9)

ENDS use 0.196 (0.163, 0.236) 9.6 (8.0, 11.1)

Dual use -0.960 (-1.068, -0.865) 40.9 (38.4, 43.4)
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Table S4: Point estimates and 95% confidence intervals for the transition hazard ratios by demographic groups.

Never use to Never use to

Cigarette use ENDS use

Demographic Estimate 95% CI Estimate 95% CI

Age

18–24 1.83 (1.38, 2.44) 27.6 (8.12, 93.9)

25–34 1.35 (1.00, 1.83) 6.8 (1.80, 25.7)

35–54 1.13 (0.86, 1.50) 2.0 (0.52, 7.6)

55+ 1 (Ref.) 1 (Ref.)

Sex

Female 1 (Ref.) 1 (Ref.)

Male 1.66 (1.39, 1.98) 3.64 (2.51, 5.30)

Race

Non-Hispanic White 1 (Ref.) 1 (Ref.)

Non-Hispanic Black 2.66 (2.13, 3.33) 1.49 (0.89, 2.50)

Hispanic 2.08 (1.63, 2.65) 1.89 (1.18, 3.01)

Education

Less than high school 14.4 (8.44, 24.6) 2.54 (0.66, 9.70)

High school or equivalent 10.6 (6.26, 17.9) 2.97 (1.15, 7.51)

Some college or AA degree 4.21 (2.39, 7.41) 2.98 (1.06, 8.33)

BA degree or higher 1 (Ref.) 1 (Ref.)

Income

<$25,000 6.26 (4.33, 9.04) 2.11 (1.34, 3.34)

$25,000–50,000 2.93 (1.94, 4.42) 0.97 (0.59, 1.61)

>$50,000 1 (Ref.) 1 (Ref.)
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Table S5: Point estimates and 95% confidence intervals for the transition hazard ratios by demographic groups.

Non-current use to Non-current use to

Cigarette use ENDS use

Demographic Estimate 95% CI Estimate 95% CI

Age

18–24 13.9 (10.4, 18.5) 29.0 (13.2, 63.9)

25–34 7.21 (5.64, 9.24) 8.84 (3.72, 21.0)

35–54 2.65 (1.98, 3.54) 4.19 (1.95, 9.01)

55+ 1 (Ref.) 1 (Ref.)

Sex

Female 1 (Ref.) 1 (Ref.)

Male 0.89 (0.75, 1.07) 1.41 (0.86, 2.29)

Race

Non-Hispanic White 1 (Ref.) 1 (Ref.)

Non-Hispanic Black 1.47 (1.12, 1.93) 2.26 (1.18, 4.34)

Hispanic 1.95 (1.54, 2.48) 1.70 (0.97, 2.99)

Education

Less than high school 1.87 (1.24, 2.85) 2.42 (0.86, 6.78)

High school or equivalent 1.27 (0.93, 1.74) 1.99 (1.01, 3.90)

Some college or AA degree 1.38 (1.02, 1.87) 2.05 (1.20, 3.50)

BA degree or higher 1 (Ref.) 1 (Ref.)

Income

<$25,000 2.16 (1.68, 2.76) 3.46 (1.91, 6.28)

$25,000–50,000 1.35 (1.06, 1.72) 1.98 (1.11, 3.52)

>$50,000 1 (Ref.) 1 (Ref.)
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Table S6: Point estimates and 95% confidence intervals for the transition hazard ratios by demographic groups.

Cigarette use to Cigarette use to

Non-current use Dual use

Demographic Estimate 95% CI Estimate 95% CI

Age

18–24 1.91 (1.57, 2.31) 4.48 (3.19, 6.29)

25–34 1.38 (1.13, 1.69) 3.09 (2.30, 4.16)

35–54 0.85 (0.70, 1.03) 2.05 (1.53, 2.75)

55+ 1 (Ref.) 1 (Ref.)

Sex

Female 1 (Ref.) 1 (Ref.)

Male 1.02 (0.89, 1.18) 0.91 (0.75, 1.09)

Race

Non-Hispanic White 1 (Ref.) 1 (Ref.)

Non-Hispanic Black 0.77 (0.64, 0.94) 0.39 (0.28, 0.56)

Hispanic 1.58 (1.33, 1.87) 0.66 (0.50, 0.87)

Education

Less than high school 0.38 (0.30, 0.48) 0.66 (0.41, 1.07)

High school or equivalent 0.38 (0.32, 0.45) 0.89 (0.61, 1.30)

Some college or AA degree 0.52 (0.44, 0.62) 1.34 (0.93, 1.94)

BA degree or higher 1 (Ref.) 1 (Ref.)

Income

<$25,000 0.63 (0.55, 0.71) 1.14 (0.91, 1.42)

$25,000–50,000 0.73 (0.63, 0.85) 1.23 (0.98, 1.53)

>$50,000 1 (Ref.) 1 (Ref.)
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Table S7: Point estimates and 95% confidence intervals for the transition hazard ratios by demographic groups.

ENDS use to ENDS use to

Non-current use Dual use

Demographic Estimate 95% CI Estimate 95% CI

Age

18–24 4.28 (2.63, 6.96) 1.67 (0.93, 2.98)

25–34 2.14 (1.17, 3.93) 1.50 (0.79, 2.86)

35–54 1.93 (1.14, 3.28) 1.73 (0.94, 3.19)

55+ 1 (Ref.) 1 (Ref.)

Sex

Female 1 (Ref.) 1 (Ref.)

Male 1.03 (0.81, 1.31) 1.22 (0.89, 1.67)

Race

Non-Hispanic White 1 (Ref.) 1 (Ref.)

Non-Hispanic Black 2.78 (1.85, 4.17) 0.66 (0.37, 1.18)

Hispanic 2.68 (2.00, 3.59) 0.86 (0.57, 1.29)

Education

Less than high school 1.02 (0.51, 2.01) 1.58 (0.75, 3.31)

High school or equivalent 0.76 (0.42, 1.38) 1.38 (0.76, 2.51)

Some college or AA degree 0.84 (0.50, 1.41) 1.56 (0.94, 2.57)

BA degree or higher 1 (Ref.) 1 (Ref.)

Income

<$25,000 1.44 (1.06, 1.94) 1.18 (0.80, 1.73)

$25,000–50,000 1.28 (0.84, 1.95) 0.87 (0.56, 1.33)

>$50,000 1 (Ref.) 1 (Ref.)
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Table S8: Point estimates and 95% confidence intervals for the transition hazard ratios by demographic groups.

Dual use to Dual use to

Cigarette use ENDS use

Demographic Estimate 95% CI Estimate 95% CI

Age

18–24 1.13 (0.85, 1.50) 2.52 (1.11, 5.76)

25–34 1.16 (0.90, 1.51) 1.41 (0.59, 3.35)

35–54 1.06 (0.83, 1.36) 1.32 (0.60, 2.90)

55+ 1 (Ref.) 1 (Ref.)

Sex

Female 1 (Ref.) 1 (Ref.)

Male 1.00 (0.85, 1.18) 1.19 (0.86, 1.64)

Race

Non-Hispanic White 1 (Ref.) 1 (Ref.)

Non-Hispanic Black 0.98 (0.65, 1.49) 0.90 (0.46, 1.77)

Hispanic 1.22 (0.91, 1.64) 1.34 (0.83, 2.17)

Education

Less than high school 1.17 (0.78, 1.77) 0.44 (0.16, 1.19)

High school or equivalent 1.21 (0.87, 1.70) 0.49 (0.23, 1.05)

Some college or AA degree 1.22 (0.87, 1.70) 0.82 (0.45, 1.51)

BA degree or higher 1 (Ref.) 1 (Ref.)

Income

<$25,000 1.22 (1.01, 1.48) 0.58 (0.40, 0.85)

$25,000–50,000 1.20 (0.97, 1.47) 0.87 (0.50, 1.50)

>$50,000 1 (Ref.) 1 (Ref.)

S14

BMJ Publishing Group Limited (BMJ) disclaims all liability and responsibility arising from any reliance
Supplemental material placed on this supplemental material which has been supplied by the author(s) Tob Control

 doi: 10.1136/tobaccocontrol-2020-055967–8.:10 2020;Tob Control, et al. Brouwer AF



BMJ Publishing Group Limited (BMJ) disclaims all liability and responsibility arising from any reliance
Supplemental material placed on this supplemental material which has been supplied by the author(s) Tob Control

 doi: 10.1136/tobaccocontrol-2020-055967–8.:10 2020;Tob Control, et al. Brouwer AF



BMJ Publishing Group Limited (BMJ) disclaims all liability and responsibility arising from any reliance
Supplemental material placed on this supplemental material which has been supplied by the author(s) Tob Control

 doi: 10.1136/tobaccocontrol-2020-055967–8.:10 2020;Tob Control, et al. Brouwer AF



BMJ Publishing Group Limited (BMJ) disclaims all liability and responsibility arising from any reliance
Supplemental material placed on this supplemental material which has been supplied by the author(s) Tob Control

 doi: 10.1136/tobaccocontrol-2020-055967–8.:10 2020;Tob Control, et al. Brouwer AF



BMJ Publishing Group Limited (BMJ) disclaims all liability and responsibility arising from any reliance
Supplemental material placed on this supplemental material which has been supplied by the author(s) Tob Control

 doi: 10.1136/tobaccocontrol-2020-055967–8.:10 2020;Tob Control, et al. Brouwer AF



BMJ Publishing Group Limited (BMJ) disclaims all liability and responsibility arising from any reliance
Supplemental material placed on this supplemental material which has been supplied by the author(s) Tob Control

 doi: 10.1136/tobaccocontrol-2020-055967–8.:10 2020;Tob Control, et al. Brouwer AF



References

[S1] Durrett, R. (1999). Essentials of Stochastic Processes. Springer.

[S2] Jackson, C. (2019a). Multi-state modelling with R: the msm package. https://cran.r-project.org/web/packages/msm/vignettes/msm-

manual.pdf.

[S3] Jackson, C. (2019b). Package ‘msm’. https://cran.r-project.org/web/packages/msm/msm.pdf.

[S4] National Institute on Drug Abuse, Food and Drug Administration Center for Tobacco Products (2019). Population Assessment of

Tobacco and Health (PATH) Study [United States] Public-Use Files User Guide. Inter-university Consortium for Political and Social

Research [distributor], 2019-11-21.

S20

BMJ Publishing Group Limited (BMJ) disclaims all liability and responsibility arising from any reliance
Supplemental material placed on this supplemental material which has been supplied by the author(s) Tob Control

 doi: 10.1136/tobaccocontrol-2020-055967–8.:10 2020;Tob Control, et al. Brouwer AF


	Transitions between cigarette, ENDS and dual use in adults in the PATH study (waves 1–4): multistate transition modelling accounting for complex survey design
	Abstract
	Introduction
	Methods
	Data and tobacco use state definitions
	Transition modelling
	Incorporation of complex survey design
	Model reduction

	Results
	Transition probabilities
	Projections of product use transitions
	The impact of ENDS on rates of starting and stopping cigarette use
	Transition hazards by sociodemographic group

	Discussion
	References


